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* In the first stage, one decision vector is solved per index to « When decisions can be made with knowledge of index recommendations,

become more actionable for decision makers Representation of Bi-Level Stackelberg Game for Mini-Max Regret

maximize value in that index subject to budget regret can be expected to generally decrease once decision sets can only

become more similar, even if those parks are the least expensive

Conclusion

 Through understanding regret of how parameter choices best describe

* In the second stage, Index Regret is calculated, and a Bilevel model is solved using a Big-M and KKT transformation

decision vector is selected from first stage which minimizes with optimality cuts to ensure that all linear solves are feasible

regret in worst case among indices assumed correct within the true bilevel problem [8] [9] [10]
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v, - value of park location k € K for
resident locations [ € L
sy - 1 if park location k € K is the
primary park of resident location [ € L
o; - the perfect foresight choice of the
follower within index i € I

« Leaders defined by indexes making choices on which items

I

yri - 1if park k € K is chosen
by Index i € I; O otherwise
x, - 1if park k € K is chosen
by follower; 0 otherwise
R - max regret of follower
choices across all indices i €
I

not chosen by follower are most important to them

o
o
-

— svI
— TPL
—

CON U Pw N

i ] —

* Follower makes item choices based on minimization of
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maximum regret faced by any leader
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